
Elinor Poole-Dayan
Statement of Purpose [University]

My research is centered around the societal considerations of large language models (LLMs),
focusing on equity, epistemology, and pluralistic alignment with an emphasis on evaluating
real-world impact. I envision LLMs as tools that can democratize information access and represent
the voices of historically underheard groups. However, much of AI research evaluates these systems in
artificial settings that bear little connection to real use or human impact. I’m driven by a commitment
to bridging that gap—ensuring AI systems are evaluated in realistic contexts and ultimately
develop more equitable, pluralistic models for the benefit of all.

This vision has been shaped by several of my past works: investigating disparities in model
behavior across global user groups (AAAI [1]), analyzing unintended side effects of model alignment
(EMNLP [2] ) and debiasing (ACL [3]), and operationalizing pluralism into measurable criteria
for model outputs (ICLR in submission [4]). Building upon this foundation, my PhD agenda
centers on three directions: (1) developing realistic evaluation frameworks to ensure LLMs
benefit people equitably, (2) studying the unintended epistemic and societal consequences
of alignment techniques, and (3) advancing pluralistic alignment methods that meaningfully
navigate value conflict trade-offs.

Real-world LLM performance & impact. While frontier labs claim to “put expert-level intel-
ligence in everyone’s hands” (GPT-5 model release tagline, 2025), LLMs are evaluated on benchmarks
designed to measure “the best performance on a certain task it can achieve, given the best currently
available capability elicitation techniques” [5, 6]. These evaluations do not reflect model behavior
across millions of worldwide users [7, 8], missing how deviations from idealized performance impact
users in practice. My first-author work [1, AAAI’26] provides evidence of this: LLM accuracy
and truthfulness degrade for users with less education, revealing performance inequities invisible
to standard benchmarks. These findings mirror realistic interactions where personalized chatbots
adapt to user attributes in ways that can unintentionally amplify these disparities—a mechanism
I term targeted underperformance. I hope to develop evaluation techniques that capture how
personalized model behavior affects users across contexts. Beyond this, I am interested in developing
methods to mitigate these harms, for example by training models to better decide when and how to
leverage personal user information to tailor its responses in equitable and transparent ways.

Epistemic integrity and (mis)alignment. As LLMs become central to how information is
produced and consumed, my findings on targeted underperformance highlight their potential to
exacerbate epistemic inequity worldwide. Together, these experiences have shaped my interest in
how alignment signals—whether framed as debiasing, truthfulness, or helpfulness—carry implicit
normative assumptions that reshape model behavior. In my very first research project on debiasing
language models [3, ACL’22], we found that some gender debiasing techniques, while effective
at mitigation, degraded general language modeling abilities. In more recent work, I investigated
a similar phenomenon and surprisingly found that alignment finetuning on truthfulness datasets
systematically shifted LLMs’ political biases [2, EMNLP’24]. Across both works, I learned to
critically question the unintended normative and epistemic consequences of alignment strategies
while developing technical skills in debiasing and finetuning language models on compute clusters.
Moreover, RLHF amplifies sycophantic behaviors—models deferring to user beliefs regardless of
factuality to maintain agreeableness—directly undermining knowledge integrity [9]. In my PhD, I
would like to study how alignment methods alter model behaviors in undesirable ways and resulting
downstream impacts. For example, what are the effects of personalization and sycophancy on model
factuality and user trust? How do these interplay with epistemic homogenization effects on human
beliefs and values at scale [10, 11, 12]? More broadly, how should alignment methods navigate
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situations where user preferences, model consistency, and epistemic norms come into tension?
Pluralistic alignment. I am motivated by the belief that models should be pluralistic—able to

represent diverse perspectives faithfully and reason across them, especially when those perspectives
conflict [13, 14, 15]. This motivation shaped my most recent first-author work [4, ICLR’26
submission], where I (a) operationalize the notion of Overton pluralism into a metric and (b)
assess the extent to which diverse viewpoints are represented in model outputs of 8 state-of-the-
art LLMs. Throughout this project, I strengthened my skills in designing and deploying a large
scale human study on Prolific from end-to-end and mentored an undergraduate researcher, who
presented our results at the NeurIPS’25 LLM Evaluation Workshop—a rewarding experience
that expanded my supervision, technical communication, and project management abilities. One key
research finding was the clear trade-off between politically neutral and pluralistic model responses,
raising important questions about whether “neutrality” is a desirable alignment goal, corroborating
findings from Fisher et al. [16]. Going forward, I hope to explore such trade-offs more deeply. For
example, how does optimizing for pluralism impact model behaviors such as verbosity or hedging?
More broadly, how should models navigate simultaneously aligning to individual preferences as well
as the broader set of alignment principles—especially when these contradict one another? How can
we collect nuanced contextual human preferences at scale, and what data is most useful for models
to effectively learn from to improve pluralistic alignment?

Career goals. Throughout these experiences, I have become certain that a PhD is the only
way to meaningfully pursue the research directions I have outlined. The problems I care about are
messy, interdisciplinary, and often fundamentally at odds with industry incentive structures, and
they require the intellectual freedom that only a doctoral program can provide. I actively sought out
such opportunities during my Master’s because I deeply value this type of work [17, 18, 19] and hope
to continue collaborating across diverse backgrounds during my PhD. A PhD at [University] provides
the structure, resources, community, and time to think deeply, develop methodological expertise, and
make tangible contributions towards the problems that genuinely matter for the benefit of humanity.

Beyond the PhD, I aim to become a professor at a research institution. Teaching and mentoring
have always been central to my identity and strengths as an academic, and I have greatly enjoyed
several TA-ships as well as mentoring two junior researchers so far. I am particularly passionate
about inclusive STEM pedagogy, and pursued MIT’s Kaufman Teaching Certificate where I imple-
mented evidence-based teaching techniques, developed a novel syllabus on Generative AI Ethics,
gained hands-on teaching experience, and critically engaged with responsibly integrating AI while
maintaining pedagogical integrity. As a faculty, I look forward to giving back to the academic com-
munity to foster pathways for underrepresented students to expand the diversity in perspectives in
research–especially valuable for moving towards more equitable and socially-conscious AI research.

Why [University]? [University]’s core values of ... are strongly aligned with my research inter-
ests and goals. I would be excited to work with ...

[University] offers the ideal environment required for this work, and I am excited to contribute
to—and grow within—its research efforts in responsible AI.
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